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Community Development and Local
Social Capital
Jeffrey L. Jordan, Bulent Anil, and Abdul Munasib
While a substantial amount of research has been devoted to showing what social capital does,
research explaining social capital itself lags behind. The literature has a long tradition of
examining the effect of social capital on local economic growth and development. In this
paper we examine whether local economic development can explain the variation in social
capital across various geographical clusters in the state of Georgia. We begin by devising
a measurement tool, a Human Development Index (HDI), to measure community de-
velopment. Our social capital measure includes associational memberships, voluntary ac-
tivities, and philanthropy obtained from the Georgia Social Capital Survey. The findings
show that even after accounting for various demographic and economic characteristics, the
HDI explains the variation in a number of social capital levels (especially those measured by
associational involvement) across various geographical clusters in the state of Georgia.
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One reason that the area of social capital has
generated widespread interest is that researchers
have been consistently documenting that social
capital has real and significant consequences in
all walksof life. The basic argument is that social
capital promotes cooperation, collaboration, and
coordination, and thereby has a variety of micro
and macro level outcomes that are beneficial
to economies. Macro level outcomes include
political participation and good governance
(DiPasquale and Glaeser, 1999; Putnam, 1995,
2000), as well as economic performance and
regional variations in growth (Knack and Keefer,
1997; Serageldin and Grootaert, 2000). Micro
level impacts include cooperative movements
(Paldam and Svendsen, 2000), income (Narayan
and Pritchett, 1999), children’s school drop out
rates (Coleman, 1988), and market outcomes
(Putnam, 1995, 2000).
While a substantial amount of research has
been devoted to showing what social capital
does, research on explaining social capital itself
lagsbehind. Theliterature has a long traditionof
examining the effect of social capital on local
economicgrowth anddevelopment.There isless
however on the role development has on social
capital. Just as rising incomes increase the
ability of people to engage in leisure activities,
rising economic development can increase
the ability of people to engage in community
and associational activities that lead to higher
levels of social capital and, in the process, more
economic development. We hypothesize that
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education, adequate housing, etc. they will in
fact be more engaged in social programs,
community governance, and other elements
associated with community development. We
acknowledge that the relationship between
community development and social capital is
two-way, although most research has focused on
the role social capital plays in development. In
this paper we examine whether local economic
development can explain the variation in social
capital across various geographical clusters in
the state of Georgia.
We begin by devising a measurement tool,
a Human Development Index (HDI). Patterned
after work done at the United National De-
velopment Program, and modified by Estrada
and Allen (2004), the HDI focuses on variables
important to community development activi-
ties, including educational opportunity, eco-
nomic opportunity (employment), and access
to housing. Census data from 2000 were used
to construct county-level HDIs. The use of an
HDI broadens the standard income measure-
ments of economic well-being. As shown in
this study, issues of education and housing do
not always align with the usual measures of
income and employment. We capture these
subtle but important aspects in our county HDI
ranking.
Our social capital measures are obtained
from the Georgia Social Capital Survey.W e
use a number of measures indicating in-
volvement in various associational member-
ships, voluntary activities, and philanthropy.
Our findings show that the HDI explains vari-
ations in a number of social capital measures
(especially the ones derived from associational
memberships) across various geographical
clusters in the state of Georgia. This result
stands even after accounting for various de-
mographic and economic characteristics of the
communities.
In section 2, we briefly discuss the literature
on economic development and social capital.
In section 3, we describe the data. In section 4,
we discuss HDI. Section 5 presents the ex-
planatory variables and the methodology,
which is followed by the results and discussion
in section 6.
Social Capital and Economic Development
Robert Putnam has inarguably provided the
most influential work in social capital research.
Two important claims that Putnam made re-
garding economic causality of community level
social capital are, first—and it has been argued
by many others as well—that social capital
matters for societal cooperation, coordination,
and collaboration. The second claim is that
social capital may have significant political
consequences. Social capital, defined as social
networks and cultural norms, is believed to
facilitate political participation and good gov-
ernance. Helliwell and Putnam (1995) measure
‘‘civic community’’ by a composite index of
newspaper readership, the density of sports
and cultural associations, turnout for referenda,
and the incidence of performance voting. They
show that, holding initial income constant, re-
gions of Italy with a more developed civic
community had higher growth rates over the
1950–1990 period.
Fukuyama (1995, 2000) claimed that the
differences between countries in their social
capital (in his case, trust) can explain the dif-
ferences in their ability to create new cor-
porations and associations. Serageldin and
Grootaert (2000) argued that social capital is
the missing link in the explanation for the East
Asian economic miracle. In this case, they
defined social capital as institutional arrange-
ments that facilitate the exchange of infor-
mation and promote cooperation between
government and industry (p. 4). Paldam and
Svendsen (2000) claimed that social capital,
defined as the density of trust, led to successful
cooperative movements in Denmark between
1850 and 1900, in Tanzania during the colonial
days, and in Bangladesh in recent years.
A recentstudy byCasey and Christ (2005)on
U.S. states shows that, although social capital
does not have a significant influence on aggre-
gate measures of output and employment, it has
a positive and significant impact on measures
of economic equality and employment stability.
They use Putnam’s (2000) measures of social
capital.
A major part of the social capital litera-
ture seeks to link social capital to economic
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velopment. However, studies of the effect of
economic development on social capital for-
mation of the community are virtually non-
existent. Knack and Keefer (1997), using the
World Values Surveys for a sample of 29
market economies, found evidence that trust
and civic norms are stronger in nations with
higher and more equal incomes, with in-
stitutions that restrain predatory actions of
chief executives, and with better-educated and
ethnically homogeneous populations.
A main link posited in the literature between
social capital and economic development is in
the connection between human capital and so-
cial capital. Higher levels of education, and thus
higher levels of development, create higher
levelsof social capital. There can bea number of
sources through which education can affect so-
cial capital investment. People with more edu-
cation have access andskills that help them form
higher levels of social capital (Buerkle and
Guseva, 2002; Glaeser, Laibson, and Sacerdote,
2002). Munasib (2005) shows that as people
increase their education they derive more ben-
efits from their social capital thus encouraging
them to acquire more social capital. Addition-
ally, DiPasquale and Glaeser (1999)—showing
that homeowners are more engaged in the
community because of their stronger ties to
it—establish a connection between housing sit-
uations and local social capital levels.
Finally, beyond the usual social capital to
development links through individual behav-
iors, there are also possible supply side factors:
locations with greater human capital, employ-
ment opportunity, income, and a more stable
population would also have better resources
and infrastructure required for associations to
emerge and sustain.
Data
We use two data sources: the county-level data
from the 2000 Census compiled by the Office
of Planning and Budget of the State of Georgia,
and the Georgia Social Capital Survey. The
Georgia Social Capital Survey has two parts:
a household survey, and a farm survey. We
obtain all but the social capital variables from
the census data. For the social capital variables
we pool both the household and farm surveys
that allow us to calculate social capital levels
for each county in the state. However, even
after pooling the two surveys, the number of
observations per county is small given the 159
counties in Georgia. Therefore, we created 31
geographical clusters. The clusters combine
contiguous rural counties into regional clusters
and separate some metropolitan areas into
geographic regions. We also use many of the
micropolitan county arrangements as clusters.
Forthevariablesotherthan thesocialcapital
variables, we useweightedcountydata toarrive
at the cluster-level values. County population
has been used as the weight. For instance, in
constructing the social capital variables we first
calculated average social capital values by
countyandthenusedcountypopulationweights
to arrive at the cluster levels.
The household survey was conducted by the
University of Georgia Survey Research Center
between June 13 and July 1, 2003. The design
of the study called for conducting a total of 500
telephone interviews. Random digit dialing
(RDD) probability sampling was used to ensure
all residents of Georgia a near-equal probabil-
ity of selection. To achieve 500 interviews,
1,238 phone contacts were made, representing
a 40.4% response rate. The nonresponse num-
bers included business numbers, respondents
who were unavailable, nonworking numbers,
answering machines, and no answer/busy, or
strange noise. The 500 responses represent
a statistically valid sample of the population of
Georgia at the 95% confidence interval (with
a sampling error of 64.3%). The survey was
pretested by administering the instrument to
60 people outside of the Athens, Georgia local
area. Additional pretesting was conducted
statewide with revisions. The pretesting re-
sulted in 61 survey questions, including de-
mographic information.
The farm survey was conducted by the
Georgia Agricultural Statistics Service in the
winter of 2004. There were a total of 431
telephone interviews, representing a statisti-
cally significant sample of Georgia farmers at
the 95% confidence interval. To achieve 431
interviews, 921 phone contacts were made,
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response rate included respondents who were
unavailable, nonworking numbers, answering
machines, no answer/busy, or strange noise.
All respondents were also asked a number
of questions about associational activities. The
questions were selected from the Social Capital
Benchmark Survey 2000 conducted by the
Roper Center for Public Opinion Research. The
Benchmark survey was designed to measure
people’s civic engagements. Associational ac-
tivities included 18 categories representing re-
ligious organizations, adult sports clubs, youth
groups, parent/school groups, senior clubs, art
clubs, hobby clubs, self-help clubs, internet
groups, veterans groups, neighborhood associ-
ations, social welfare groups, unions, pro-
fessional/trade groups, service clubs, and civil
rights and political action organizations.
Associational activities can be divided into
those groups that are personal in nature:
religious organizations, adult sports, youth
groups, parent/school groups, senior clubs, art
clubs, hobbyclubs, self-help clubs, and Internet
groups. Associations that are more public in
nature included veterans groups, neighborhood
associations, social welfare groups, unions,
professional/trade groups, service clubs, and
civil rights and political action organizations.
Also, six different types of volunteer activities
were identified, including volunteering at place
of worship, in health care programs, school or
youth programs, in organizations for poor or
elderly, in arts and cultural organizations, and
in neighborhood or civic groups.
Table 1 describes the dependent variables
usedfortheanalysis.Thesevariablesarederived
from the basic information obtained from the
surveys about the associational involvements of
the individuals. These dependent variables rep-
resent the above 18 different measures of social
capital incorporating organizational member-
ships, church memberships, volunteer activities,
and religious and nonreligious monetary contri-
butions.
The results of the surveys show that 85% of
all respondents belonged to at least one of these
18 associational groups. Participation in char-
itable or social welfare groups was noted by
42% of the respondents. For all other groups,
involvement ranged from 4% (onlinegroups) to
35% (parent organizations at schools). When
contributing to a religious group, 57% of the
respondents reported giving more than $500
a year while only 30% reported giving that
amount to other groups. Volunteer work fol-
lowed a different pattern, where 44% of the
respondents did some volunteering at their
place of worship, 58% volunteered for activi-
ties other than those at the church.
Table 1. Derived Social Capital Variables at the Cluster Level
Variable Type Label Mean Std
amem Binary PP with number of total membership ³ average
number of total memberships
0.41 0.13
tmem Continuous Per capita total number of memberships
(in any organization)
3.41 0.64
avol Binary PP with number of voluntary activities ³ average
number of voluntary activities
0.39 0.13
tvol Continuous Per capita total number of volunteering 1.34 0.33
anynrd Binary PP done nonreligious donation of $100 or less 0.54 0.12
apersonalgr Binary PP with number of memberships in a personal group ³
average number of memberships in personal groups
0.51 0.14
tpersonalgr Continuous Per capita total number of memberships
in personal organizations
1.93 0.42
apublicgr Binary PP with number of memberships in a public group ³
average number of memberships in public groups
0.42 0.12
tpublicgr Continuous Per capita total number of memberships
in public organizations
1.48 0.33
PP is percent of respondents.
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In 1990, the United Nations Development Pro-
gramme (UNDP) compiled its first Human De-
velopment Report (UNDP, 2001) that proposed
anewwaytoviewhumandevelopmentthatwent
beyond simply Gross Domestic Product. The
UNDP report focused on three dimensions: lon-
gevity (life expectancy), knowledge (educational
attainment), and decent living standards (in-
come). An index of these measurements was
createdandnationswererankedwithvaluesfrom
zerotoonewithhighervaluesrepresentinghigher
levels of development. Following the UNDP
work, others have constructed HDIs at the sub-
nationallevel includingAgostiniandRichardson
(1997), Corrie (1994), Estrada and Allen (2004)
and Hanham, Brehanu, and Loveridge (2002).
One of the goals of this paper is to contribute
a measurement tool to be used in studying com-
munity development activities. In their study of
the impact of rural empowerment zones in
Texas, Estrada and Allen (2004) proposed
a method to modify the UNDP index to better
focus on the community development goals of
education, employment, and housing. While the
UNDP index includes data on life expectancy,
such county-level information is not consistently
available. Instead, the index developed here in-
cluded characteristics of housing and residential
value. Rather than using income levels alone as
a proxy for standards of living, an employment
index, including median income, poverty data,
and unemployment rates, was used. Similar to
the UNDP effort, educational variables were
included in this study.
The county level values for each of the
three components—education,employment,and
housing—were identified for each of the
counties in Georgia. Each of the components
has three subcomponents. These values were
indexed against the fixed minimum and maxi-
mum values for each variable in the state. Thus,










k,j 5 county i’s value of the (k, j)-th component,
min(xk,j) 5 the lowest observed value among all
counties of the (k, j)-th component,
max(xk,j) 5 the highest observed value among all
counties of the (k, j)-th component.
The j subcomponents of k components of the
Human Development Index are given below.
If k 5 Education,
j 5 {percent of population (age ³ 25) with a high
school degree,
percent of population over 25 with a Bache-
lor’s degree or higher,
percent of total population enrolled in ele-
mentary through high school},
if, k 5 Employment,
j 5 {median household income (for 1999),
percent of families living below the poverty
level (1999),
unemployment rate for those over 16},
if, k 5 Housing,
j 5 {total number of housing units,
number of owner-occupied housing units,
medianvalue of owner-occupied housing units}.
With each of the components given equal

















The Georgia HDI, as with the UNDP effort,
is designed to measure the relative attainments
of counties beyond simply ranking by per capita
income. Values for the HDI can range from
a low of zero to a high of one. Table 2 shows the
results of constructing an HDI for each county
including the three component indexes. The
same results alphabetized by county, as well as
the rankings by education, employment, and
housing can be seen at http://www.hosting.caes.
uga.edu/saea/jordan/soccap.pdf.
Therangeofcounty-levelHDIsforGeorgia’s
159 counties was from a high of 0.76 to a low of
0.23, with a mean of 0.32. For the 69 counties
included in one of Georgia’s Metropolitan Sta-
tistical Areas, the range was from 0.24 to 0.76
with a mean of 0.36. For the 90 non Metropol-
itan Statistical Area counties, the mean was 0.29
with a range of 0.23–0.39. The U.S. Census has
also created a new measure, the Micropolitan
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County Index HDI Ranking Education Employment Housing
Fulton 0.763397 1 0.7977229 0.5014772 0.990991
Cobb 0.6276764 2 0.8464142 0.326199 0.7104159
DeKalb 0.6139536 3 0.7577903 0.3570542 0.7270163
Gwinnett 0.5894283 4 0.8042422 0.3192215 0.6448212
Fayette 0.5377304 5 0.9001767 0.3477011 0.3653135
Forsyth 0.5128172 6 0.7941389 0.3419498 0.402363
Oconee 0.484917 7 0.8719381 0.3091 0.2737129
Columbia 0.4504718 8 0.8062227 0.303314 0.2418786
Cherokee 0.4483995 9 0.7152051 0.3005527 0.3294408
Chatham 0.4285339 10 0.6228053 0.3492781 0.3135182
Richmond 0.4235778 11 0.5692 0.4633079 0.2382255
Glynn 0.4185566 12 0.6874642 0.3391393 0.2290664
Clarke 0.4111548 13 0.5468795 0.442805 0.2437799
Rockdale 0.4107587 14 0.6827628 0.3228906 0.2266226
Coweta 0.4062024 15 0.6545811 0.3133987 0.2506274
Bibb 0.4054009 16 0.5745504 0.4152001 0.2264522
Henry 0.4038758 17 0.660387 0.2790875 0.2721528
Muscogee 0.4007683 18 0.5894628 0.3681308 0.2447113
Clayton 0.3966851 19 0.583289 0.3191727 0.2875936
Dougherty 0.3923627 20 0.508211 0.5181823 0.1506948
Liberty 0.391988 21 0.6312174 0.414202 0.1305447
Houston 0.384092 22 0.6459141 0.3107868 0.1955751
Dawson 0.3804135 23 0.6336746 0.2602449 0.247321
Chattahoochee 0.378088 24 0.7275487 0.3481451 0.0585702
Peach 0.3775328 25 0.4632535 0.5660121 0.1033327
Bryan 0.3772786 26 0.6231459 0.3199562 0.1887338
Douglas 0.3718252 27 0.6177069 0.2880197 0.209749
Hall 0.3676379 28 0.533075 0.288959 0.2808796
Harris 0.3670848 29 0.6227768 0.2710331 0.2074445
Camden 0.3560257 30 0.6151494 0.3193591 0.1335687
Hancock 0.3535886 31 0.3810547 0.6448403 0.0348708
Lee 0.3523587 32 0.6207568 0.2766446 0.1596748
Paulding 0.3517509 33 0.6023254 0.245573 0.2073545
Effingham 0.3476327 34 0.5711509 0.2932672 0.1784799
Greene 0.344891 35 0.5248852 0.3915462 0.1182418
Bulloch 0.3424429 36 0.4480334 0.413107 0.1661884
Newton 0.3413523 37 0.5277494 0.3123651 0.1839423
Morgan 0.3405145 38 0.5743891 0.300226 0.1469286
Lowndes 0.3392405 39 0.5115287 0.3298443 0.1763485
Rabun 0.3383662 40 0.5924275 0.2417404 0.1809308
Burke 0.3382063 41 0.426421 0.5283632 0.0598346
Crisp 0.3369353 42 0.452556 0.4635823 0.0946676
Walton 0.3363464 43 0.5170073 0.2815989 0.2104332
Washington 0.3355428 44 0.4488163 0.4825897 0.0752225
Troup 0.3354159 45 0.5490459 0.313237 0.1439648
Jones 0.3350183 46 0.5834236 0.2880959 0.1335354
Thomas 0.3320412 47 0.5396996 0.3393177 0.1171063
Evans 0.3304404 48 0.4501686 0.4686685 0.0724839
Monroe 0.3286148 49 0.5680906 0.2573646 0.1603891
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County Index HDI Ranking Education Employment Housing
Long 0.3278195 50 0.4531642 0.4533145 0.0769798
Floyd 0.3265042 51 0.4717061 0.3394381 0.1683685
Early 0.3246438 52 0.4652065 0.458393 0.0503319
Bartow 0.324532 53 0.5206245 0.2620835 0.1908879
Sumter 0.3225334 54 0.4848377 0.3976111 0.0851514
Putnam 0.3209446 55 0.5427079 0.2612531 0.1588728
Spalding 0.3207728 56 0.4632986 0.3495625 0.1494572
Baker 0.3189268 57 0.4374395 0.4662986 0.0530423
Jenkins 0.3184388 58 0.4055081 0.523642 0.0261664
Terrell 0.3180494 59 0.4185167 0.4852459 0.0503857
McIntosh 0.3174114 60 0.4249016 0.2964326 0.0733632
Barrow 0.3170724 61 0.5019677 0.2718223 0.1774273
Pike 0.3167014 62 0.5439769 0.2534279 0.1526994
Jefferson 0.3164051 63 0.3683283 0.5309657 0.0499214
Tift 0.3157992 64 0.4401122 0.3822551 0.1250301
Decatur 0.3157613 65 0.4640296 0.3954696 0.0877847
Grady 0.314396 66 0.4581676 0.388305 0.0967156
Hart 0.3123348 67 0.5057839 0.2984592 0.1327613
Laurens 0.3114219 68 0.4999365 0.3220031 0.1123262
Carroll 0.3104887 69 0.4495185 0.2959442 0.1860032
McDuffie 0.3081114 70 0.476676 0.208963 0.1269105
Turner 0.3079657 71 0.4444272 0.4341228 0.045347
Screven 0.3078083 72 0.42179 0.4348433 0.0667915
Macon 0.3048998 73 0.4446266 0.3855767 0.0941311
Lincoln 0.3029584 74 0.4915531 0.315229 0.1020932
White 0.3022116 75 0.5213639 0.1998584 0.1854125
Catoosa 0.3007184 76 0.5303992 0.2148926 0.1568633
Jackson 0.3006339 77 0.4631965 0.2648164 0.1738889
Habersham 0.30035 78 0.4911671 0.2467838 0.1630992
Talbot 0.29917 79 0.4010318 0.4528359 0.0436425
Treutlen 0.2986226 80 0.3835059 0.4712735 0.0410884
Worth 0.2985997 81 0.4346309 0.3819787 0.0791896
Jasper 0.2984064 82 0.4823241 0.3118705 0.1010246
Clay 0.2977879 83 0.392948 0.4683908 0.032025
Mitchell 0.2970355 84 0.4087969 0.4114473 0.0708623
Ware 0.2962153 85 0.4761337 0.3473701 0.0651419
Pickens 0.2960858 86 0.5095589 0.1929038 0.1857948
Baldwin 0.2954565 87 0.4304564 0.3347882 0.121125
Towns 0.29513 88 0.4696985 0.2060202 0.2096712
Toombs 0.2946873 89 0.4633857 0.3411483 0.0795278
Union 0.2943878 90 0.5097376 0.1947828 0.178643
Schley 0.2943365 91 0.4918283 0.3505868 0.0405943
Tattnall 0.2940819 92 0.4108689 0.3953828 0.0759939
Wayne 0.2935332 93 0.4863654 0.3047155 0.0895187
Pulaski 0.2934609 94 0.4947176 0.2992024 0.0864628
Brooks 0.2931143 95 0.4573751 0.3469265 0.0750411
Warren 0.292655 96 0.3236731 0.5316464 0.0226455
Glascock 0.2913229 97 0.4113965 0.4431573 0.0194151
Dooly 0.2905981 98 0.4428925 0.3716455 0.0572564
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County Index HDI Ranking Education Employment Housing
Meriwether 0.2904544 99 0.4370917 0.3587412 0.0755302
Lumpkin 0.2892014 100 0.4259694 0.2626486 0.1789863
Taylor 0.2881789 101 0.3955376 0.4267557 0.0422433
Wilkinson 0.287752 102 0.4393771 0.3686038 0.0552751
Colquitt 0.2873164 103 0.4247064 0.3482495 0.0889932
Whitfield 0.2861044 104 0.4338026 0.247452 0.1770587
Oglethorpe 0.2852095 105 0.5156971 0.2226514 0.1172799
Gilmer 0.2848389 106 0.4623528 0.2452612 0.1469026
Twiggs 0.2839259 107 0.3773471 0.4186088 0.0558218
Coffee 0.2823654 108 0.3988976 0.3554435 0.0927551
Elbert 0.2803675 109 0.4492417 0.3159634 0.0758974
Ben Hill 0.2789997 110 0.4057475 0.3718192 0.0594324
Stewart 0.2783376 111 0.3776831 0.4463824 0.0109471
Upson 0.2781362 112 0.4308497 0.3236101 0.079949
Lanier 0.2770643 113 0.4375729 0.3393909 0.054229
Butts 0.2769616 114 0.452418 0.2594342 0.1190326
Irwin 0.2749176 115 0.4598824 0.3179274 0.046943
Candler 0.2743911 116 0.3478805 0.4182492 0.0570436
Taliaferro 0.2737581 117 0.325336 0.4959384 0
Crawford 0.2733085 118 0.4076204 0.3183117 0.0939935
Calhoun 0.2726979 119 0.4051839 0.3923545 0.0205553
Fannin 0.2717955 120 0.4741029 0.2178141 0.1234695
Bleckley 0.271722 121 0.4310671 0.3163066 0.0677921
Charlton 0.2709839 122 0.4114839 0.3338652 0.0676026
Webster 0.2708777 123 0.3986539 0.3931179 0.0208615
Madison 0.2708499 124 0.5123076 0.3363658 0.1035607
Seminole 0.2688574 125 0.4031225 0.3548569 0.0485928
Appling 0.2681769 126 0.4366317 0.3013848 0.0665143
Randolph 0.2653164 127 0.3466148 0.4258176 0.0235168
Marion 0.2648991 128 0.3977932 0.4764432 0.040463
Walker 0.2639297 129 0.4344978 0.2387672 0.1185242
Echols 0.2634302 130 0.372313 0.3347199 0.0832578
Brantley 0.2634103 131 0.4635756 0.2691346 0.0575207
Stephens 0.2627465 132 0.4420607 0.2328094 0.1133693
Pierce 0.2618343 133 0.449839 0.2695263 0.0661375
Banks 0.2617506 134 0.4158774 0.2398176 0.1295568
Gordon 0.2610085 135 0.4248035 0.2268737 0.1313484
Bacon 0.2601293 136 0.3986624 0.3379798 0.0437457
Heard 0.2601022 137 0.4087974 0.2896148 0.0818943
Jeff Davis 0.2597954 138 0.3942942 0.3288448 0.0562473
Wheeler 0.259655 139 0.4034301 0.3510964 0.0244385
Polk 0.2588399 140 0.3694062 0.3024211 0.1046923
Lamar 0.2586076 141 0.3941263 0.2803295 0.101367
Miller 0.2581144 142 0.4467693 0.2843124 0.0432615
Dodge 0.2579518 143 0.441721 0.2867723 0.0453621
Emanuel 0.2576567 144 0.3946375 0.3386191 0.0397135
Montgomery 0.2550448 145 0.409171 0.2868429 0.0691205
Clinch 0.2547043 146 0.3738271 0.353864 0.0364218
Telfair 0.2546471 147 0.3868714 0.35297 0.0240998
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includes a core area containing a substantial
nucleus together with adjacent communities
h a v i n gah i g hd e g r e eo fe c o n o m i ca n ds o c i a l
integration with that core. It is made up of one
area with at least 10,000 people but less than
50,000 (when it becomes a Metropolitan Statis-
tical Area). For the 30 counties in Georgia in
a Micropolitan Statistical Area, the mean HDI
was 0.31 with a range from 0.23 to 0.61. Further,
eight of the 30 Micropolitan counties had HDIs
above the 0.32 statewide mean.
Of Georgia’s 159 counties, the HDI for 56
was above the statewide mean (0.32) Seven
counties had HDIs above 0.47, or two standard
deviations from the mean; 11 counties were
between 0.40 and 0.46, or between one and two
standard deviations; 38 counties were between
0.32 and 0.45, or one standard deviation from
the mean. For those counties below the mean,
24 were between the mean and the median
(0.299), 75 were between the mean and one
standard deviation (0.244–0.298), and four
were two standard deviations for the mean
0.23–0.241. The distribution of counties is
skewed only slightly to the high end from
a normal distribution (seven counties above
two standard deviations and four below).
To check the HDI rankings in this study, the
results were compared with a study completed
in 2003 conducted by the Carl Vinson Institute
of Government (2003) at the University of
Georgia entitled It’s a Matter of Wealth: Dis-
mantling Persistent Poverty in the Southeastern
United States. In it, Georgia was divided into
31 counties defined as ‘‘prosperous’’ and 91
counties that were characterized as those with
persistent poverty. Thirty-seven north Georgia
counties that are in the Appalachian Regional
Commission area were not included in the
study. Of the 31 prosperous counties, 29 are in
metropolitan areas. Poverty was defined in the
study as a single person living alone with in-
come less than $8,667 in 1999 or a family of
four with income less than $17,029. Counties
were then ranked and characterized as having
a high percentage of residents living in poverty
if they were in the top two quartiles. Persistent
poverty counties were those that were in the top
two quartiles in 2000 and during 1980 and/or
the 1990 census.
Of the 56 counties with HDIs that we cal-
culated that were above the mean, 27 were the
prosperous counties. Only four counties counted
as prosperous did not have HDIs above the
mean. Nineteen persistent poverty counties had
HDIs above the mean and 13 of those were
adjacent to prosperous counties.
Looking at the impact of each component
index, the education and housing variables
contribute significantly to the ranking, while
the employment index appears much less cor-
related to the overall HDI. Ranked by the ed-
ucation index (Table 3), nine of the top 10
counties are also in the top 10 by HDI. In the
housing index (Table 4), nine of the top 11 by
HDI are in the top 11 in housing. On the other
hand, employment ranking (Table 5), which
Table 2. Continued.
County Index HDI Ranking Education Employment Housing
Wilcox 0.2541786 148 0.4228703 0.3098883 0.0297771
Berrien 0.2528919 149 0.3896274 0.2874461 0.0816022
Murray 0.2526999 150 0.3769482 0.2506652 0.1304861
Franklin 0.252255 151 0.3924045 0.2468436 0.1175169
Cook 0.2520984 152 0.3800312 0.3182141 0.05805
Johnson 0.248128 153 0.3666492 0.3551515 0.0225832
Wilkes 0.2477765 154 0.4306149 0.2480673 0.0646474
Haralson 0.2441597 155 0.3844209 0.2458778 0.1021804
Dade 0.241152 156 0.3661599 0.2575523 0.0997436
Atkinson 0.231726 157 0.348143 0.3283285 0.0187064
Quitman 0.2315244 158 0.3522763 0.3160428 0.026254
Chattooga 0.2313917 159 0.3495785 0.2810614 0.063535
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rates, does not appear to be related to HDI
ranking. The use of an HDI broadens the
standard income measurements of economics
well-being. We suggest that issues of education
and housing have more of an impact in
a county’s HDI ranking than do usual measures
of income and employment.
Model and Methodology
Although the social capital literature has been
growing extensively in recent years, the vast
majority of research treats social capital as
a factor of production similar to human capital
and physical capital. The economic theory of
these approaches is that social capital reduces
transaction and information cost, increasing
the amount of exchange and contributing to
economicdevelopment.Similarly, an increase in
collective behavior would reduce inefficiency,
mostly caused by externalities, creating an in-
creaseinthesupplyofpublicgoods(Rupasingha,
Goetz, and Freshwater, 2000). An empirical
model where social capital is an explanatory
factor to explain economic development is seen
in the following equation:
Yi5b1Xi 1b2SKi 1ui,
where Y represents an economic measure for
economic development, X is a vector of all
other composite factors, and SK is the measure
for social capital.
Another line of research focuses on the so-
cial capital production function and possible
measures for social capital. Here the social
capital investment decision is based on the
economic principle such that individuals invest
only if the marginal benefit from social capital
investment is greater than the marginal cost of
social capital. Higher cost of social capital in-
creases the opportunity cost of investing in
social capital and reduces the investment de-
cisions (Glaeser, 2001; Rupasingha, Goetz, and
Freshwater, 2006).
While discussing the determinants of social
capital, Glaeser (2001) discusses the relation-
ship between individual and community social
capital investments. Glaeser claims that it is
possible to have a higher return from social
capital if collective investment is high in those
communities. This raises the issue then of the
determinants of community social capital in-
vestment. In this paper, we explore how
Table 3. Ranking of Counties by Education
Index—Top 10
County HDI HDI Index Education
Fayette 0.5377304 5 0.9001767
Oconee 0.484917 7 0.8719381
Cobb 0.6276764 2 0.8464142
Columbia 0.4504718 8 0.8062227
Gwinnett 0.5894283 4 0.8042422
Fulton 0.763397 1 0.7977229
Forsyth 0.5128172 6 0.7941389
DeKalb 0.6139536 3 0.7577903
Chattahoochee 0.378088 24 0.7275487
Cherokee 0.4483995 9 0.7152051
Table 4. Ranking of Counties by Housing
Index—Top 11
County Index HDI Rank Housing
Fulton 0.763397 1 0.990991
DeKalb 0.6139536 3 0.7270163
Cobb 0.6276764 2 0.7104159
Gwinnett 0.5894283 4 0.6448212
Forsyth 0.5128172 6 0.402363
Fayette 0.5377304 5 0.3653135
Cherokee 0.4483995 9 0.3294408
Chatham 0.4285339 10 0.3135182
Clayton 0.3966851 19 0.2875936
Hall 0.3676379 28 0.2808796
Oconee 0.484917 7 0.2737129
Table 5. Ranking of Counties by Employment
Index—Top 10
County Index HDI Rank Employment
Hancock 0.3535886 31 0.6448403
Peach 0.3775328 25 0.5660121
Warren 0.292655 96 0.5316464
Jefferson 0.3164051 63 0.5309657
Burke 0.3382063 41 0.5283632
Jenkins 0.3184388 58 0.523642
Dougherty 0.3923627 20 0.5181823
Fulton 0.763397 1 0.5014772
Taliaferro 0.2737581 117 0.4959384
Terrell 0.3180494 59 0.4852459
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capital investment. Our empirical model uses
HDI as an economic indicator to explain the
communities’ social capital:
SKi 5b1Xi 1b2HDIi 1ui,
where SK and X are as above.
Social capital is a lifecycle phenomenon. As
proxies to these lifecycle features we include the
family size and average age of the cluster pop-
ulation. Munasib (2005) formally models life-
cycle social capital and estimates the structural
parameters of the model. Because labor supply
decisions and family compositions vary over the
lifecycle, the cost of investment varies over the
life of an individual. Similarly, because mobility
rates vary with age the rate at which social net-
works depreciate also varies over the lifecycle.
Larger families with a number of young
children may be encouraged to join parents and
school groups whereas families without chil-
dren (young couples or older couples who no
longer have children living with them) may not
join such groups. At the same time, the position
of the individual on the lifecycle influences her
social capital investment behavior (Munasib,
2005). During working age (18 through 65)
people have less time for activities that take
time away from work. There is contradiction
when it comes to lifecycle patterns of social
capital depending on which proxy is being used.
Both Putnam (2000) and Glaeser, Laibson, and
Sacerdote (2002), using the membership mea-
sureofsocialcapital,findthatthelifepath ofthe
stock of social capital has an inverted U-shape
peaking during middle age. In contrast, if social
capital is measured with friends the life-path of
stock has a ‘‘tilted-S’’ shape rather than an
inverted U-shape. The inverted U-shape con-
tradicts thelifecycle cost ofinvestment, which is
supposed to be high during the middle age.
Figure 1 is reproduced from Murphy and Welch
(1992) and indicates that the opportunity cost of
time varies over the lifecycle, peaking between
age 40 and 60.
Figure 1 also shows that the wage profile of
the college graduates is strictly higher than
those of the noncollege groups. This brings up
the issue of whether human capital has any
bearing on lifetime social capital accumulation.
Neoclassical investment theory has been used
extensively to address the lifecycle issues of
physical and human capital (Ben-Porath, 1967;
Heckman, 1976; Lucas, 1978). Studying social
capital using the same framework is a natural
extension, which has been adopted in Glaeser,
Laibson, and Sacerdote (2002) and Munasib
(2005). Glaeser, Laibson, and Sacerdote (2002)
in their theoretical model predict that people
with more education, because of their higher
opportunity cost of time (Murphy and Welch,
1992), will invest less in social capital. How-
ever, in their empirical exploration, Glaeser,
Laibson, and Sacerdote (2002) find that edu-
cation has a strong positive effect on organi-
zation membership, their social capital mea-
sure. Munasib (2005) uses friendship networks
as a social capital measure, which also exhibits
the same feature: a positive relationship be-
tween social capital and human capital. In the
theoretical model, however, Munasib (2005)
shows that, although people with more educa-
tion have a higher cost of investment in social
capital, they also receive higher levels of ben-
efits from social capital. The college educated
people, therefore, invest more in social capital
because their net benefits are higher.
We use ordinary least squares (OLS) regres-
sion analysis in this study. To measure the im-
pact of the HDI on local social capital levels
we control for the following variables: average
family size, total net migration, net international
migration, natural (nonimmigration) population
increase due to birth, natural (nonimmigration)
population decrease due to death, proportion
of population in rural, proportion of population
in urban, proportion of black population, and
Figure1. CrossSectionalWage Profile, 1963–
1989 (Source: Figure I of Murphy and Welch
(1992))
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for the effect of Atlanta on the overall popula-
tion. Using each ofthese controlsas independent
variables, we estimate OLS regressions using
the nine social capital measures from Table 1 as
dependent variables. Table 6 shows the expected
relationships between the dependent social cap-
ital measures and independent variables.
We also control for proportion of population
residing in urban and rural areas (with the ref-
erence category being areas that are neither
urban nor rural). Subramanian, Lochner, and
Kawachi (2002), using trust perception as the
social capital variable, show that there is sig-
nificant variation of social capital across
neighborhoods. Residents of big cities and in-
dividuals who live in apartment buildings are
more likely to socialize with their neighbors
and go out to dinner (Glaeser and Sacerdote,
1999). This finding suggests the importance of
physical proximity on social connectedness.
The critique of urban sprawl also emphasizes
this point. Urban sprawl is an overexpansion
that drives spatial growth away from the op-
timum level of residential concentration
(Brueckner, 2000). One of the negative effects
of this is likely to be a decline in social in-
teractions (Putnam, 2000). On the other hand,
Hofferth and Iceland (1998) show that social
capital is more common among families in
rural communities than in families in urban
communities. One caveat is that they find that
families living in rural areas are more likely
to exchange exclusively with relatives. This
bonding social capital may be high at the ex-
pense of bridging social capital. There could
also be a population composition effect
whereby lower income inequality and higher
ethnic homogeneity is associated with higher
levels of social capital (membership in partic-
ular) (Alesina and LaFerrara, 2000; Costa and
Kahn, 2003). To control for the population
characteristics we include total net migration,
net international migration, natural (non-
immigration) population increase due to birth,
natural (nonimmigration) population decrease
due to death, and proportion of black pop-
ulation. Note that average age of population
would also pick up some of the population
composition effects.
It is argued in the literature that race is an
important determinant of social capital forma-
tion (Smith, 2003). Whether race matters or not
is obviously important but what is a more im-
portant question is the underlying social and
economic factors that race embodies. Using
trust as a social capital proxy, researchers have
found that blacks are more likely to report
mistrust (Subramanian, Lochner, and Kawachi,
2002). A symmetric result may or may not hold
while using associational involvement as
a measure of social capital. Dominguez and
Watkins (2003) study minority low income
mothers and document how they use social
capital for ‘‘support’’ and ‘‘leverage’’. There is
a general notion that minorities have stronger
intracommunity ties that may remain even after
controlling for income or education. There may
be a tendency to ‘‘stick together’’ as a reaction
against the general disadvantages of being mi-
norities in a stratified society.
It is generally argued that mobility and
distance from previous social capital stocks
would negatively affect investment in social
capital (Glaeser and Sacerdote, 1999). Immi-
grants, by this notion, would have a natural
disadvantage in social capital investment; they
have moved to a place where most things are
unfamiliar and their previous social connec-
tions are at a prohibitive physical distance.
Furthermore, immigrants may be subject to
discrimination and alienation that could hinder
their social capital investments.





Human Development Index positive
Average family size positive
Total net migration positive
Net international migration positive
Natural population increase negative
Natural population decrease positive
Population proportion rural negative
Population proportion urban positive
Population proportion black indeterminate
Average age negative
Whether in Atlanta MSA positive
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Dornbusch (1995), studying Mexican-origin
students, argue that bilingual students may
have unique advantages in acquiring the in-
stitutional support that is needed for success in
school and in upward social mobility. In other
words, there could be certain advantages of
being an alien in acquiring social capital. This
validates the popular notion that immigrants
have stronger intra community ties (Woolcock,
1998). These ties arise partly form cultural fa-
miliarities and partly from insurance motives.
Our final control is an indicator variable for
clusters that are in the Atlanta Metropolitan
Statistical Area (MSA). The Atlanta MSA
accounts for 51% of the Georgia population.
Table 7 demonstrates that the clusters that be-
long to the Atlanta MSA are quite different in
almost all the observed characteristics that we
used as controls. It is, therefore, quite likely
that these clusters are also different in some
unobserved characteristics. The ‘‘Atlanta
dummy’’ will likely account for that.
Results and Discussion
The OLS results are given in Table 8. The first
observation that we make is that the R
2 values
are high across-the-board (greater than 0.5)
with the exception of religious donations (re-
gression 5; R
2 5 0.47).
We find that in the seven of nine regressions
where the human development index has a sta-
tistically significant effect, this effect is posi-
tive on the social capital variables. The results
show, for instance, a one point increase in the
HDI accounts for approximately 2% of the
population increasing its memberships (re-
gression 1). Also a one point increase in the
HDI leads to six more associational member-
ships per capita (regression 2). The HDI
also matters in above average and total volun-
tary activities, nonreligious donation (of any
amount), and in above average and total public
groups. HDI is insignificant in the two re-
gressions regarding memberships in personal
groups. For both personal group social capital
measures (regressions 6 and 7) the only sig-
nificant (and negative) coefficient was for av-
erage age. For associational memberships
above average (regression 1) and nonreligious
contributions (regression 5) the HDI was the
only significant variable.
The HDI is a significant explanatory vari-
able for total associational memberships (re-
gression 2), total number of associations in
which people do volunteer work (regression 4),
and total memberships in public associations
(regression 9). The HDI is also significant for
the three measures when participation is above
the average (regressions 1, 3, and 8). HDI also
helps explain any nonreligious monetary con-
tributions (below $100) where HDI is the lone
explanatory variable (regression 5). In social
capital measures where HDI and other vari-
ables are significant, changes in population
(both positive and negative) are most usually
also significant. This indicates that in commu-
nities with higher levels of HDI, population
effects are also important.
Table 7. Differences in Observed Characteristics in Atlanta and nonAtlanta Clusters
Atlanta Clusters NonAtlanta Clusters
Number of clusters 10 21
Human Development Index 0.46 0.35
Average family size 3.17 3.10
Total net migration (10,000) 20.05 0.11
Net international migration (10,000) 0.21 0.04
Natural population increase (10,000) 0.43 0.13
Natural population decrease (10,000) 0.17 0.05
Proportion of population in rural areas 0.26 0.44
Proportion of population in urban areas 0.66 0.44
Proportion of black population 0.27 0.25
Average age 48.80 50.21
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capital measures that capture associations that
benefit people in a personal manner rather than
a community manner. Higher levels of HDI do
not affect participation in sports groups, youth
and school groups, senior clubs, or art, hobby
and self-help clubs as well as internet groups.
Thus, rising HDI moves people from what can
be thought of as bonding social capital activi-
tiesthat reinforcepersonal interests, tobridging
social capital activities that benefit the com-
munity in a more public manner.
The results indicate that the aggregate effects
on associational memberships come not from
the personal groups but from the public groups.
This suggests that as community development
increases, people become more involved in
public groups that contribute to sociopolitical
and neighborhood related activities.
We must acknowledge that our results might
be susceptible to an argument based on the si-
multaneity of social capital and economic de-
velopment. Prior research focuses on this re-
lationship in one direction, from social capital
to economic development. Most of the re-
search, including that by Putnam (1995, 2000),
treats social capital as an exogenous effect. That
argument seems acceptable if social capital is
community social capital. One might argue that
a person’s social capital could be affected from
other factors and therefore could change easily,
while community social capital is more durable
and is not easily affected by other changes.
When we look at the opposite direction, si-
multaneity might become a relatively serious
issue since the argument based on durability of
economic development is weaker than social
capital. We address this problem by running si-




our social capital variables (voluntary activities
and total number of memberships in public or-
ganizations) even when simultaneity is allowed.
The control variables also explain the other
determinants ofthesocial capital variables. Total
net migration, as well as net international mi-
gration, increases involvement in public groups.
An increase in population due to increased births
lowers public group involvement and, thereby,
lowers total memberships. This is so because the
percentage of population that is not capable of
associational activities (namely, newborns) in-
creases in the cluster. On the other hand, a fall in
the population due to increased deaths leads to
a decrease in voluntary activities but an increase
in public group involvements (and, thereby, an
increase in total memberships). The probable
explanation for this is that the elderly and the
retired volunteer more while younger and mid-
dle-aged people are more involved in associa-
tional activities. Both rural and urban pop-
ulations have positive effects on volunteering.
However, the proportion of rural population only
matters for above average volunteering while
the proportion of urban population affects all
the three volunteering variables. Average family
size, total net migration, population proportion
black, and Atlanta Standard Metropolitan Sta-
tistical Area (SMSA) all had no significanteffect
on any social capital measure.
The age effect needs some qualifications.
The average cluster age has a negative effect
on total membership, volunteering, and in-
volvement in personal groups. Since the variable
represents the mean age of the cluster, it does
not capture the entire lifecycle aspects. The
range of the variable is from 37 to 62 and,
therefore, what we see is the variation over
this rangeonly.It, however,is consistentwith the
findings of Munasib (2005), which shows that
duringthe periodbetween late 30sandearly 60s,
individuals decrease social capital investments
because that is the period of increasing oppor-
tunity cost of time of the individual’s lifecycle.
Conclusion
A great deal of interest has been accorded so-
cial capital. The main reason for this high in-
terest is that social capital has the capacity to
play a major role in all aspects of life. Recent
researchers have found remarkable effects of
social capital on various outcomes: namely,
economic well-being, political participation,
good governance, health, and education. Avast
majority of research has been dedicated to ex-
plain the outcomes of social capital, while the
research on factors that generates social capital
Jordan, Anil, and Munasib: Community Development and Local Social Capital 157is limited. Examining the role of economic
environment on the generation of social capital
is rarer, even though the relationship between
social capital and community development is
a two-way relationship.
Using a broad-based measure of community
development—the HDI—a specific question
that we ask in this paper is: does community
development affect social capital formation?
We find that community development, in gen-
eral, has a positive effect on local social capital
measured by associational memberships. In
particular, the aggregate effects on associa-
tional memberships come not from the personal
groups but from the public groups. This sug-
gests that as community development in-
creases, people become more involved in pub-
lic groups that contribute to sociopolitical and
neighborhood related activities.
Our results extend the prior literature by in-
troducing a reverse relationship between social
capital and community development. This is an
important extension because, first, it contributes
to the literature on social capital formation, and
secondly, it establishes a benefit of community
development that deserves increased attention
from policymakers both at the local and federal
levels. Our results are also consistent with the
argument that social capital in the form of par-
ticipation in associations might not be enough to
explain community development because the
measure does not show the power of the orga-
nization. DeFilippis (2001) states that an orga-
nization without social capital and power might
not create enough development in community, as
can be seen in poor neighborhoodsmostof which
have organizations and therefore members. On
the other hand, community development might
form a social capital network that would possess
both power and capital. Our results also provide
important implications for policymakers that in-
vestment in community can create social capital
that would bring additional investment.
[Received November 2008; Accepted July 2009.]
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